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Race classification method based on cascade voting mechanism from video
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Abstract In this paper, LBP (local binary pattern) descriptor was utilized to extract face image fea-
ture from every video by using linear SVM (support vector machine) to classify human race. Simulta-
neously, a cascading voting scheme was proposed to better improve the performance of race recogni-
tion task. It greatly reduces the interference caused by the proposed method, and has a prominent
high recognition rate on FERET (face recognition technology) dataset. The proposed scheme can
reach 91.10% on the self-established LFW (labeled faces in the wild) and WEB dataset for race recog-
nition through cross-training method and achieve 86. 29% on the video dataset. The sufficient experi-
ments show that the algorithm are robust to illumination variation, angle and location change.
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